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Abstract: 

Today internet has been connected to people more in the world of tourism, amusement, and economics and as a trend huge 

numbers of travel firms provide online services and these services are provided by individual sectors. The recent past showed a 

greater interest in recommender techniques. Now a day, there are many travel packages existing from different websites to almost 

all the places over the world. A customer finds it very difficult to search for the best package as he/she has to browse multiple 

websites, contact many travel agents and etc. which is a tedious process and is time consuming. There should be a system where 

the user should find the best package on the Internet with a single click. To analyze existing system along with literature review 

related to travel package recommendation system. To improve the existing system performance that will be used for selecting best 

travel package by means of implementing travel advisory system based on the reviews of packages and places. 
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I. INTRODUCTION 

 

Nowadays A critical challenge is to address the unique 

characteristics of travel data, which distinguish travel 

packages from traditional items for recommendation. We first 

analyze the characteristics of the existing travel packages and 

develop a tourist-area-season topic (TAST) model and tourist-

relation-area-season-topic (TRAST). The TAST model can 

represent travel packages to tourists by different topic 

distributions, where the topic extraction is conditioned on the 

tourists intrinsic features (i.e., locations, travel seasons) of the 

landscapes. Then, based on this topic model representation, we 

propose a cocktail approach to generate the lists for 

personalized travel package recommendation. Furthermore, 

we extend the TAST model to the tourist-relation-area-season 

topic (TRAST) model for capturing the latent relationships 

among the tourists in each travel group. Finally, we combine 

the TAST model, the TRAST model, and the cocktail 

recommendation approach on the real-world travel package 

data. Experimental results that the TAST model can 

effectively capture the unique features of the travel data       

and the cocktail approach is much more effective than 

traditional recommendation techniques for travel package 

recommendation. Also, by considering tourist relationships, 

the TRAST model can be used as an effective assessment for 

travel group formation.  

 

Today internet has been connected to people more in the 

world of tourism, amusement, and economics and as a trend 

huge number of travel firms provides online services and these 

services are provided by individual sectors. The recent past 

showed a greater interest in recommender techniques. Now 

days there are many travel packages existing from different 

websites to almost all the places over the world. A customer 

finds it very difficult to search for the best package as he/she 

has to browse multiple websites, contact many travel agents 

and etc. which is a tedious process and is time consuming. 

There should be a system where the user should find the best 

package on the Internet with a single click. Tourism has been 

become the one of the world most important industry, as the 

interest for Travelling has also raised due to that the 

Recommender systems are also increasingly popular and have 

become an essential driver of many applications including 

web services and data mining. The web services which is used 

as a communication medium between the web applications by 

using some of its protocols. Modern trend there is an 

enormous growth for online travel information, which imposes 

an increasing challenge for tourists who have to choose from a 

large number of available travel packages for satisfying their 

materialized needs. Travel advisory system (TAS) is the 

system providing travel packages to the tourists, according to 

their interest and collaborative pricing. TAS provides 

expertise to support decision making in tourist package 

selection.  TAS not only provides different packages but also 

updates the reviews of the tourists in the system which will be 

updated before the tourist visit the site again. Travel advisory 

system works on the principle of TAST or TRAST model 

which stands for the Travel-relation-area-season-topic.  

 

TRAST has many different zones such as tourist data, tourist 

packages, collaborative pricing, recommender, etc. It will 

filter the information from the tourists and seek the rating and 

preference for the different tourist packages, so as to provide a 

distributed and sorted dataset for the tourists. This provides a 

better platform to the tourists to the check the tourist places, 

price, nearby hotels, etc. Travel advisory system is another 

form of recommender system which is recommends the 

suitable travel packages for the tourists. The tourism industry 

has specific features that explain its importance for economic 

growth and its affection toward IT systems. The travel 

package recommendation system plays a vital role in the 

tourism industries that analyze the characteristics of travel 

packages and develop the TAST model. TAST model can 

effectively collect the personalized characteristics of the travel 

information. TAST model can estimate the various travel 

packages by different topic allocations, where the topic 

extraction is carried out on factors, the tourists and the 

essential attributes (i.e., locations, travel seasons). After 

generating TAST model, we pose cocktail method to create 

the lists for travel package recommendation. As compare to 

traditional approach the cocktail approach is more efficient for 

recommending the travel packages. Also, based on tourist 

relationships, the automatic travel groups are formed by using 

TRAST model.  
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II. LITERATURE REVIEW: 
 

Here are few existent works on customized travel package 

recommendation. In spite there is some recommendation 

survey in the tourism firm. The related work can also be 

categorized in to distinct forms. The intelligent travel firm has 

proposed many brilliant techniques for the customer to satisfy 

the personalized travel packages. In 2011, FabianoLorenzi et 

al. [1] have proposed for the multiple recommender system. In 

Multi-agent recommender systems which has the capable to 

deal with various customers’ requests at identical time   

various agents may accomplish distinct portion of the 

recommendation, and ensures the customer has to recommend 

as soon as possible. Anyhow, there will not be guarantee for 

the quality of the recommendations produced by agents. In 

such cases, agents recommendation to that agents do not know 

whoever has the data’s it requires Where ,this pushes to the 

multi-agent recommender system ,there by the agents have a 

trust mechanism. In 2012, sheng-tzong et al. [2] described an 

Adaptive recommendation mechanism that reckon on 

congestion aware scheduled terminology for multiple 

travellers on multi destination, a new mechanism which 

involves an algorithm for scheduling and a path for routing a 

tour recommender method , hence the sightseeing location is 

aggregated. A new system model for adaptive 

recommendation mechanism is served by distributed 

mechanism. In 2013, Roberto Interdonato et al. [3] focused on 

a versatile package recommendation approach which is 

essentially autonomous of the popularities of a specific 

application region. A key element in this scheme using the 

preceding knowledge which is based on the content type 

models of the packages are created which shows exactly what 

the customers are expected from the recommender work. 

Packages are been learnt for each and every package method, 

where as the recommendation steps is accessed by performing 

the PageRank-style in a customized and also to the target 

user’s selection, desirably customers prefer only minimum 

budget. In 2014, J.Levandoski et al. [4] have proposed 

location based searching;  

 

Hence, a location aware recommender system which uses the 

site based ratings to yield recommendation. In Conventional 

recommender system which may not consider spatial 

characteristics of customers or items; A innovative location–

aware recommender system which has ability of using three 

distinct kind of location based ratings and the customer 

segregation technique that accomplishes user locations in a 

way that enlarges the system adaptable which is not satisfied 

for recommendation places and travel forfeit technique which 

accomplishes the items locations and avoids completely 

transform it before all the spatial recommendation customers 

.In Conventional recommender system which may not 

consider spatial characteristics of customers or items; a 

innovative location–aware recommender system which has 

ability of using three distinct kind of location based ratings 

and the customer segregation technique[4] that accomplishes 

user locations in a way that enlarges the system adaptable 

which is not satisfied for recommendation places and travel 

forfeit technique which accomplishes the items locations and 

avoids completely transform it before all the spatial 

recommendation customers. From instance of yan-ying travel 

recommendation by mining people attributes and travel group 

types from community –contributed photos propose to mainly 

to supervise for the personalized travel recommendation in 

addition to that it also considers the particular customers 

profiles or aspects and also some travel group. In 2011, Q.Liu, 

Yong Ge et al. [5] provided a study of exploiting online travel 

information for personalized travel package recommendation. 

This system first analyzes the special characteristics of  

packages and devlop the Tourist-Area-Season Topic (TAST) 

model for travel package and tourist representation. The TAST 

model can discover the interests of the tourists and extract the 

spatial temporal correlations among landscapes. 

 

 A probabilistic personalized travel recommendation model [5] 

which also attains the necessity of extracting the knowledge 

from the travel pictures logs and further recognize people 

aspects and type of travel groups, picture type in picture 

contents. Hence, this method of personalization is achieved by 

particular user account with the people aspects and travel 

group types a long with the peregrination. There is different 

category in the travel planning; filtering is a key aspect in 

travel recommendation the filtering goes beyond content based 

memory based model based approaches are there from that. In 

2012, Qi Liu, Enhong Chen et al. [6] have proposed 

Enhancing collaborative filtering which exploited user latent 

interests for developing an item-oriented model-based 

collaborative framework, named iExpand. Specifically, in 

iExpand, a topic-model-based method is first used to capture 

each user’s interests. Then, a personalized ranking strategy is 

developed for predicting a user’s possible interest expansion. 

Probably, a opposite recommendation is generated due to user 

latent interests. For instances Qi.Liu proposes collaborative 

filtering with enhanced technique according to the user 

interest, in the existing filtering is basically taken the 

information from the users interaction with the system but 

solves such limitation and proposes a new method for 

collaborative filtering based on the recommender system 

according to user interest expansion through personalized 

ranking which is named as iExpand [6]. The main aim is to 

generate the item oriented model based filtering scheme, this 

iExpand which introduces three different layers which is User- 

interest-item. In 2015, A. Y. Choi et al. [7] have proposed A 

Two-Tiered Recommender System for Tourist Product 

Recommendations which implemented prototype system and 

verify the effectiveness and usability of the travel packaging 

system. The experiment results show that it is a promising 

system for the automation of word-of-mouth communication 

on the destination and user-defined travel planning service. In 

2001, G. Adomavicious et al. [8] have proposed 

Multidimensional Recommender System which extends 

traditional two-dimensional user/item recommender systems 

to support multiple dimensions, as well as comprehensive 

profiling and hierarchical aggregation (OLAP) capabilities. 

We also introduce a new recommendation query language 

RQL that can express complex recommendations taking into 

account the proposed extensions. We describe how these 

extensions are integrated into a framework that facilitates 

more flexible and comprehensive user interactions with 

recommender systems. 

 

III. PROPOSED SYSTEM 

 

The Travel Advisory System provides a online platform for 

user’s to choose best travel package among different packages. 

The system have Admin and User module for the respective 

tasks. The website provides user a better Travel recommender 

system which makes easy for user to search hotels for 

travelling purpose.  
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 Figure.1. Flow Chart of Travel Advisory System 

 

 Comparison with Existing System (A 

Collaborative Location Based Travel Recommendation 

System): 

 

FEATURES 

 

EXISTING 

SYSTEM 

TRAVEL 

ADVISORY                                  

SYSTEM 

BUS TIMING NO YES 

CALENDER NO YES 

NEAR BY FAMOUS 

PLACES 
NO YES 

 

IV. CONCLUSION AND FUTURE SCOPE 

 

Large datasets are exploited to get deep details about tourists, 

packages and then derived new packages. Different topics or 

themes are analyzed and new ones generated. First of all, the 

TAST model is developed which captures unique 

characteristics of travel data and thus discovers the interests of 

the tourists and extract the spatial temporal correlations among 

landscapes and outputs the topic and season recommendation. 

The TAST model is further expanded and developed cocktail 

approach for personalized recommendation for travel package. 

Along with new constraints, TAST model is extended to 

TRAST model which acquire the relations between tourists in 

each group. It is helpful for capturing the latent relationships 

among the tourists in each travel group and to understand why 

tourists form groups. TRAST model is used for effective 

analysis of automatic formation. We can develop android 

application in future. We can recommend the packages from 

the whole world. 
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